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— PVANet

Hong S- Roh B-. Kim K H-. et al-.
for Real-time Object Detection.

PVANet:
arXiva

Lightweight Deep Neural Networks
201k

3x3 convolution with mCRelLU

3x3 Convolution

c
e,
E
O
>
c
O
O
-
x
=

shortcut connection

Concatenation

Negation

Scale / Bias
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— MobileNet

Howard A G-

Zhu M-

Chen B~ et al.- MobileNets:

Efficient Convolutional

Neural Networks for Mobile Vision Applications. arXiva. 2017.

Standard convolution

Depth wise convolution

e

1xl convolution
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— Network slimming

Liu Z- L1 J- Shen Z. et a
Network Slimming. arXiva

channel scaling
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DenseNet-40 ResNet-164

17



pIGl:.. ucloud

-~ 'I ! 5 i
@ .-... [‘ 1 :u.

f |

=

u

R ATLGPU+CPURYINIE

14



T(C

© 2018

Think

rw UCLOUD

— Pipeline

—
S 4E S

buffer

FAL 35

£

19

U2’ pPNOJ2N MMM



Think

n e UJCLOUD

T(C

— TensorRT

18x Faster Inference of TensorFlow models on V100
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— MobileNet on FPGA
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